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Setting Goal Challenge ©® Extension to Multiple Columns
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samples w/o e Quantification of a synopsis’ quality with measures order#7 360 15
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Order Price average @ How to select outliers? RSD: 48/'7/0 88'3”’
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order#10 130 aware synopsis Order Price (a|| instances) 8 Estimated ® effeCt MiNnimizes maximum RSE Of the eStlmateS Estimate > >
AVG(Price): 227 order#4 | 180 average from + most intuitive distribution 5 | g
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R.M. V. Narisayya, Overcoming il o effect: maximizes improvement in RSE compared
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" " e effect: minimizes the average RSE of the estimates , | >
Impact on Single-Column Outlier-Aware Synopses - o ; ;
+ prefers outliers from columns with high RSE distribution 5 5
+ shows best overall performance - —— 1/ L. | L \
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—1000 {  approach O Ssearch Space @ Search Space w (IR IR[ = 100
g 100 known: 2M candidates from lower/upper value range Problem: huge number of possible outlier sets Z 1000 | exhaustive
= 10 | with memory bound M with memory bound M = @ 10] o
1 o | | Solution: select M outlier candidates during the single scan of the data 2 51 gf:g'j;'c i
01 1 10 100 @ Outlier Selection o | O selection based on weights specific to measure of choice =l
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